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AXELROD’S MODELS: The Norms model
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AXELROD’S MODELS: The MetaNorms model
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MAPS OF THE DYNAMICS
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THE NORMS MODEL: Axelrod’s results
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THE NORMS MODEL.: Our results
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THE METANORMS MODEL.: Our results
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THE METANORMS MODEL
MutationRate = 0.001 (as opposed to 0.01)
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THE METANORMS MODEL
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THE METANORMS MODEL
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THE METANORMS MODEL
Temptation = 10 (as opposed to T = 3)
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CONCLUSIONS

 Run our models several times for many
periods

 Exploration of the parameter space

« Usefulness of complementary analytical
work

* We should try not to conclude anything
beyond the scope of our models
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